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FORECASTING THE PREPARATORY STATUS FOR THE PRINCIPLES OF
PROGRAMMING USING DATA MINING TECHNIQUES
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Abstract

At present, Information Technology Program in the Faculty of Science and Technology at
Thonburi University was taught in the course of the principle of programming. This course is an important
foundation course in which students can apply their knowledge to higher courses in the field of

Information Technology, Faculty of Science and Technology. It is accepting applications for students who
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have graduated with a diploma in Information Technology, Business Computing, and Electronics. This
results in the programming fundamentals of each student being different, being the cause of learning the
principle of programming in the classroom. Therefore, the researcher has an idea to develop a method to
forecast the need for students to prepare before entering to the class. The objectives of the research
were 1) to synthesize the model for forecasting the necessity (status) of preschool preparation and 2) to
compare the efficiency of classification of the model by Decision Tree, Naive Bayes, Neural Network, and
Support Vector Machine techniques (SVM). The collecting data of first-year students during the academic
year 2016 to 2020, there were 7 attributes and 376 data sets. The weight analysis of the attribute, it was
found that there were 7 factors related to forecasting the status of pre-school preparation. The results
were tested with a 10-fold cross-validation method and the performance was measured with accuracy to
determine the most accurate method. The results of the comparison of the efficiency of data
classification revealed that the model created using the Support Vector Machine (SVM) technique had the
highest efficiency with 95.58% accuracy and the most 5 relevant factors were pre-test results, graduated
field, Pre-graduation results, grades in introductory programming courses, and grades in mathematics

courses respectively.

Keywords: Data mining; Preparation before study; Forecasting the status of pre-school preparation;
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A 1 Schematic of Rosenblatt’s perceptron (Source: [7])
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